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holds (Martinson and Reichman 2016). Physical 
limitations and developmental delays and dis-
abilities are more likely for children in low- SES 
households and families than for children from 
more socioeconomically advantaged house-
holds. For example, evidence indicates that 
children in low- SES households are at much 
greater risk of being overweight or obese or ex-
periencing hearing and vision problems, 
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Decades of research from across disciplines 
provides clear and convincing evidence of a so-
cioeconomic gradient in health (Marmot 2004). 
Beginning at birth, the association between so-
cioeconomic status (SES) and health is strong 
and positive, with babies born into socioeco-
nomically disadvantaged households being at 
higher risk of preterm birth and low birth-
weight than babies born into higher- SES house-
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asthma, and ear infections than children in 
higher- SES households (Larson and Halfon 
2010). Importantly, studies drawing from the 
life course perspective demonstrate that child 
socioeconomic exposures not only affect health 
during childhood, but also shape patterns of 
health and disease risk across the life span 
(Kuh et al. 2003), well into old age (Yang et al. 
2017), suggesting that the drivers of adult socio-
economic disparities in health and mortality 
emerge early in the life course.

Scholars increasingly point to the impor-
tant role of wealth in shaping individual health 
and contributing to population health inequal-
ity (Boen, Keister, and Aronson 2020; Boen and 
Yang 2016; Pollack et al. 2007). Most research 
on the socioeconomic gradient in health relies 
on indicators of income or education as mark-
ers of SES, but evidence shows that wealth 
plays a unique and important role in shaping 
life course patterns of individual and popula-
tion health, net of other indicators of SES 
(Boen 2016; Boen and Yang 2016; Erixson 2017). 
Studies typically operationalize wealth as total 
net worth, or the sum of household assets mi-
nus debts. Much of what is known about the 
wealth- health connection comes from studies 
with older adult samples, but recent quasi- 
experimental evidence suggests that wealth 
may also be causally related to child health out-
comes (Cesarini et al. 2016). Given increasing 
levels of wealth inequality in the United States 
in recent decades (Keister 2014)—including par-
ticularly stark racial wealth gaps (Killewald, 
Pfeffer, and Schachner 2017), low levels of 
wealth accumulation among households with 
children (Gibson- Davis and Percheski 2018), 
and high net worth poverty among households 
with children (Gibson- Davis, Genettian, and 
Keister 2020)—understanding the role of 
wealth in shaping patterns of child health in-
equality is of critical scientific and policy im-
portance.

Still, the relationship between wealth and 
child health remains largely unexplored. 
Household wealth levels have been linked to 
adult health outcomes, but little is known 
about how wealth is associated with the health 
of children. This gap is particularly notable 
given that wealth inequality is especially high 
among child households (Boshara, Emmons, 

and Noeth 2015) and that families with children 
in the United States have comparatively weak 
social safety net protections (Gibson- Davis and 
Percheski 2018). The mechanisms linking 
household wealth to health are also unclear. Re-
search on adults suggests that stress, health be-
haviors, and consumption may link wealth to 
health indirectly (Berger and Houle 2019; Boen 
and Yang 2016), but few studies formally test 
these mechanisms or consider how the path-
ways relating wealth to child health may differ 
from the mechanisms linking wealth to adult 
health outcomes. Finally, concerns about 
causal inference—including issues related to 
reverse causality and time- varying confound-
ing—continue to plague the literature in this 
area, which further limits understanding of the 
linkages between wealth and well- being. To-
gether, these gaps suggest that more research 
on the links between wealth and child health 
is needed.

Using nationally representative, longitu-
dinal data from the Panel Study of Income 
 Dynamics (PSID), this study is among the first 
to assess the prospective links between house-
hold wealth and child body mass index (BMI), 
a critical marker of child well- being. Our anal-
yses also included other markers of child 
health, but we focus on BMI for substantive 
and empirical reasons. Substantively, child-
hood obesity is an early- life risk factor for a 
number of later- life health outcomes. The 
early onset of obesity threatens cardiovascular 
health, risk for diabetes, life expectancy, and 
other outcomes across the entire life course 
(Park et al. 2012). Obesity risks emerge early 
in a child’s life and continue to be consequen-
tial through the developmental years and into 
adulthood. Obesity is thus a particularly im-
portant indicator of child health and develop-
ment that has important consequences for life 
course health and well- being. Empirically, un-
like markers of childhood disease, which are 
somewhat rare among children and take time 
to emerge, BMI is a continuous marker of 
health risk. BMI trajectories can be observed 
across the early life span, from birth though 
childhood, adolescence, and young adult-
hood. Because we use data that includes lon-
gitudinal markers of both wealth and health, 
we are able to observe how changes in wealth 
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relate to changes in BMI across the early life 
course.

Using a variety of analytic techniques—in-
cluding descriptive analyses, longitudinal 
mixed- effects models, and the parametric g- 
formula mediation approach—this study is 
among the first to assess the links between 
household wealth and child health, paying par-
ticular attention to how household wealth 
shapes BMI and obesity risk in childhood. This 
article makes three specific contributions. 
First, we establish the link between total house-
hold net worth and BMI. Second, we assess how 
different components of net worth relate to 
child BMI, following recent research suggesting 
that wealth components and health may be as-
sociated in different ways (Boen, Keister, and 
Aronson 2020). Finally, we examine some of the 
mechanisms that potentially underlie the 
wealth- health connection in childhood, includ-
ing a variety of stress- related, behavioral, and 
spending pathways. Together, these three aims 
provide a comprehensive assessment of the 
wealth- health relationship focused on a critical 
measure of child health. Contextualized in a 
historical period marked by growing wealth in-
equality, this study provides new knowledge of 
the socioeconomic determinants of child 
health and sheds new light on the potential le-
verage points for closing socioeconomic ineq-
uities in child well- being.

baCkgrounD
Wealth inequality in the United States is ex-
treme and growing. Indeed, the share of wealth 
held by the top 1 percent of households grew 
from 30 percent in 1989 to 37 percent in 2019. 
During the same period, the share of wealth 
owned by the bottom 80 percent of households 
declined from 20 to 13 percent (author’s esti-
mates from the Survey of Consumer Finances). 
The growth in wealth inequality reflects several 
interdependent processes, including the types 
of assets households own. The median U.S. 
household depends heavily on home equity as 
a source of wealth, and the dramatic decline in 
home values during the 2007–2009 recession 
reduced their net worth considerably. Many of 
these families have still not recovered their net 
worth (Pfeffer, Danziger, and Schoeni 2013). By 
contrast, upper- wealth families are more highly 

invested in the stock market, and rising stock 
values have meant that their total wealth has 
tended to rise (Piketty 2013). In the years follow-
ing the recession, upper- wealth households 
benefited from a quick stock market recovery. 
Incomes have also risen for top households as 
the median income has stagnated; this differ-
ence has added to wealth inequality by allowing 
top households additional resources to save 
and creating resource constraints for those at 
the median that make saving more difficult.

Even in the context of high levels of wealth 
inequality, racial differences in wealth owner-
ship are extreme. Black Americans hold roughly 
5 cents for every dollar of white wealth, and 
more than one- third of all black households 
have zero or negative net worth—meaning their 
debts exceed the total worth of their assets—
relative to 15 percent of white households 
(Kochnar and Cilluffo 2017). Scholars trace the 
historical origins of the racial wealth gap in the 
United States to chattel slavery and the failure 
of the Freedmen’s Bureau and the Homestead 
Act to provide land to formerly enslaved people 
during the Reconstruction era (Darity and Mul-
len 2020). The forced seizure of black assets 
through racial violence and terrorism, the ex-
clusion of black Americans from receiving ben-
efits offered through the New Deal, the unequal 
distribution of G.I. Bill benefits in the years fol-
lowing World War II, and the proliferation of 
Jim Crow policies all contributed to the racial 
patterning of wealth in the United States 
throughout the nineteenth and twentieth cen-
turies (Oliver and Shapiro 2013). Contemporary 
discrimination in the housing, lending, and la-
bor markets further exacerbates racial wealth 
inequality by restricting black families’ access 
to the same instruments of wealth accumula-
tion as whites (Hamilton and Darity 2010).

Evidence of widening wealth inequality 
among households with children is growing 
(Gibson- Davis and Hill 2021, this issue; Gibson- 
Davis and Percheski 2018). Prior to the Great 
Recession, the median net worth for child 
households was roughly half that among 
households without children (Pfeffer, Dan-
ziger, and Schoeni 2013). The tremendous 
wealth losses associated with the Great Reces-
sion disproportionately affected households 
with children (Pfeffer, Danziger, and Schoeni 
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2013), with evidence showing that nonwhite, 
younger, and lower- SES child households ex-
perienced particularly large relative wealth 
losses (Boshara, Emmons, and Noeth 2015; 
Pfeffer, Danziger, and Schoeni 2013), which fur-
ther exacerbated wealth inequality among 
America’s children.

Although most research on the socioeco-
nomic gradient in health comes from data on 
adult samples, evidence also shows that chil-
dren from low- SES households experience 
greater risk of physical, psychological, and 
physiological health problems (Chen, Martin, 
and Matthews 2006; Larson and Halfon 2010) 
and more negative health shocks and events 
(Currie and Stabile 2003) than more socioeco-
nomically advantaged children. Importantly, 
the racial stratification of socioeconomic re-
sources in the United States shapes the racial 
patterning of child health and is a key mecha-
nism linking racism to population health dis-
parities. Relative to white children, African 
American children are more likely to experi-
ence socioeconomic hardship and disadvan-
tage, which contributes to the emergence of 
racial health disparities in early life.

Income and education are the most widely 
used indicators of SES in health research on 
both adults and children, but it is increasingly 
clear that wealth plays a unique and critical role 
in shaping individual and population health, 
net of other SES indicators (Boen and Yang 
2016; Pollack et al. 2007). Wealth can be a finan-
cial safety net for households during periods of 
economic hardship brought on by unemploy-
ment or illness; households can draw on their 
wealth to continue paying rents or mortgages, 
car payments, and other bills even when wages 
are temporarily suspended (Spilerman 2000). 
Wealth accumulation is also a status attain-
ment process. Families accumulate wealth to 
make human capital investments, establish a 
desired standard of living, and pass along class 
status to descendants (Oliver and Shapiro 
2013). Because of the racial patterning of wealth 
in the United States, evidence shows that racial 
wealth inequality contributes to population- 
patterns of black- white health disparities (Boen 
2016; Boen, Keister, and Aronson 2020; Bond 
Huie et al. 2003).

Research on the relationship between 

wealth and health has generally focused on the 
links between total wealth—typically opera-
tionalized as net worth, or the sum of assets 
minus debts—and health, but recent evidence 
suggests that the components of wealth relate 
to health in different ways (Boen, Keister, and 
Aronson 2020). Although the mechanisms link-
ing various wealth components to health are 
largely untested, it is likely that liquid assets 
with more immediate cash values, such as sav-
ings and stocks, may help families pay for basic 
health needs such as food, housing, and trans-
portation and afford preventative, routine, and 
emergency medical care. By contrast, more il-
liquid assets, such as homes and equity, may 
promote health by conferring psychosocial 
benefits to owners, including high levels of con-
trol and stability (Boen, Keister, and Aronson 
2020). Home equity and value may also be prox-
ies for other unobserved factors that shape 
child health, such as school and neighborhood 
quality. Additionally, whereas assets protect 
health, high levels of debt—particularly unse-
cured debt—increase feelings of hopelessness 
and frustration and overall stress burden in 
ways that negatively affect health (Berger and 
Houle 2019). For these reasons, research should 
not only consider the associations between to-
tal wealth and health, but also assess how the 
associations between wealth components and 
health vary.

Research on the wealth- health connection 
largely relies on older adult samples, but a re-
cent study from Sweden provides evidence of a 
potential causal link between wealth and child 
health. Using administrative data on Swedish 
lottery players, David Cesarini and colleagues 
(2016) find that increases in household wealth 
reduce childhood obesity risk and increase 
child health utilization in ways that may be pro-
tective of health. The effect sizes in the study 
were modest, but the authors note that the im-
pacts of wealth on child health may be greater 
in other national contexts where social safety 
net protections for families are weaker than 
Sweden, such as in the United States.

Mechanisms Linking Wealth and Child Health
Because the factors patterning household 
wealth are structural—located in historical and 
present day policies and practices that un-
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equally distribute wealth- building opportu-
nities and financial risks in the population—
examining how wealth shapes child health 
through household-  and family- level mecha-
nisms can provide new insights into the links 
between macro- level structural economic 
forces, meso- level household and family envi-
ronments, and micro- level individual health- 
related processes. To examine the connections 
between wealth and child health, this study 
draws on the bioecological model of child de-
velopment, which highlights the essential role 
of social contexts in shaping child health and 
development and suggests that more proximate 
contexts have the greatest impacts on child 
well- being (Bronfenbrenner and Ceci 1994). For 
children, the family context—including the 
family’s socioeconomic resources, risk, and op-
portunities—is a critical meso- level environ-
ment that greatly shapes daily life in ways that 
affect their health. The socioeconomic re-
sources available to families and households 
influence child well- being by affecting many of 
the more proximate determinants of child 
health and obesity risk, including household 
stress levels, household food budgets and 
spending, the availability and accessibility of 
opportunities and spaces for physical activity, 
and sleep quantity and quality (McCurdy, Gor-
man, and Metallinos- Katsaras 2010; Schmeer 
2012). Still, given that wealth inequality in child 
households is so high (Gibson- Davis and Hill 
2021, this issue; Gibson- Davis and Percheski 
2018), it follows that children living in low-  and 
high- wealth environments may face strikingly 
different household contexts that shape their 
health risk.

Merging insights from the bioecological 
models of child development, the conceptual 
model linking wealth to child outcomes laid 
out by Christina Gibson- Davis and Heather Hill 
in the introduction to this issue (2021), and re-
cent work on the links between debt and child 
well- being by Lawrence Berger and Jason Houle 
(2019), we hypothesize that two primary mech-
anisms link household wealth and child health. 
First, guided by the stress process (Pearlin 
1989), household wealth may affect child health 
through stress- related processes. In particular, 
we expect that low levels of household wealth 
produce economic pressures, anxieties, and 

conflict among parents; these stresses, in turn, 
affect child health outcomes both directly 
through physiological processes and indirectly 
through behavioral mechanisms. We hypoth-
esize that parental and household stress can 
affect child health risk directly through a vari-
ety of biophysiological processes. In response 
to stress, the body upregulates activity in the 
sympathetic nervous system and hypothalamic- 
pituitary- adrenal axis, which together govern a 
host of physiological processes. This up- 
regulation of bodily stress response in response 
to acute stressors is sometimes referred to as 
“fight or flight” and serves an important role in 
protecting individuals from immediate threats 
or infections. However, chronic activation of 
these systems in response to repeated social 
stress exposure gives rise to a host of physio-
logical pathologies, including the promotion 
and redistribution of bodily fat stores. To-
gether, these physiological changes result in 
increased weight gain and visceral adiposity 
(Scott, Melhorn, and Sakai 2012). A number of 
studies link chronic stress exposure—including 
the stress associated with material deprivation 
and hardship—to increased risk of obesity and 
metabolic risk in both children and adults 
(Boen 2020; Garasky et al. 2009; Tate et al. 2015). 
In fact, chronic stress exposure in childhood 
may affect more than obesity risk in childhood: 
the damaging effects of stress on health during 
this critical stage of brain and physiological de-
velopment may also affect long- term health 
(Yang et al. 2017). Indeed, exposure to chronic 
stress in childhood—including exposure to  
the many stressors or strains associated with 
low SES—can result in permanent or lasting 
changes to neurobiology and physiology that 
result in metabolic abnormalities across the 
life span and through late life (Tamayo, Herder, 
and Rathmann 2010).

Levels of household stress, which are 
shaped by household socioeconomic condi-
tions, can also affect child obesity risk indi-
rectly through behavioral mechanisms. Be-
cause of structural constraints, parents and 
caregivers in low- wealth households need to 
devote significant time, energy, and resources 
to managing the many strains, conflicts, and 
stressors associated with having low or inad-
equate financial resources. As a result, they 
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may have fewer resources to invest in establish-
ing health- promoting environments and be-
haviors in children (McCurdy, Gorman, and 
Metallinos- Katsaras 2010; Schmeer 2012). For 
these reasons, we expect that children in low- 
wealth households, which are characterized by 
greater financial strain and higher levels of fa-
milial and caregiver stress, will exhibit worse 
health behaviors than children in high- wealth 
families. Together, these direct biophysiologi-
cal and indirect behavioral pathways may link 
the stress of low levels of wealth accumulation 
or high debt to child health in the short- term 
and increased health risk across the adult life 
course.

Second, household wealth may affect child 
health through consumption by shaping the 
quantity and quality of goods available to chil-
dren (Berger and Houle 2019). Households with 
less wealth have less capital than higher- wealth 
families to invest in education, childcare and 
afterschool programs, housing, and other ex-
penditures that affect child health and well- 
being. Because they lack the financial security 
and material resources afforded by wealth, 
lower wealth families may struggle to meet ba-
sic health needs of children; they may face dif-
ficulties securing housing, purchasing food, 
and paying for adequate levels of childcare. By 
contrast, households with more wealth may be 
able to spend more on household and child- 
related costs in ways that promote child health 
and well- being. These linkages may be particu-
larly relevant to the wealth- BMI connection be-
cause of the high cost of critical health re-
sources needed to support healthy lifestyles 
and environments (Powell and Bao 2009). In 
these ways, the risks and constraints faced by 
low- wealth families—including high levels of 
stress and financial challenges—may under-
gird the links between household wealth and 
child BMI.

The Life Course Perspective
In addition to elucidating the drivers of child 
well- being, research on the links between 
wealth and child health expands knowledge 
about the early- life origins of adult health and 
social well- being. Evidence indicates that early- 
life socioeconomic exposures shape life course 
trajectories of health both directly and indi-

rectly through a variety of social and biological 
mechanisms (Kuh et al. 2003). Childhood is a 
sensitive period of development when social 
exposures—including socioeconomic expo-
sures—can induce structural and functional 
biological and physiological changes that affect 
later- life health and disease risk (Kuh et al. 
2003; Yang et al. 2017). This is particularly true 
in the case of childhood obesity. Childhood 
weight status reflects social exposures occur-
ring in utero, during infancy, and throughout 
childhood (Isong et al. 2018), and childhood 
BMI is a widely documented risk factor for 
adult obesity (Ward et al. 2017). Childhood obe-
sity has been positively associated with prema-
ture morbidity and mortality in adulthood, in-
cluding increased risk of blood pressure, 
insulin resistance, low- density lipoprotein and 
total cholesterol, physiological inflammation, 
and coronary heart disease (Park et al. 2012; 
Reilly et al. 2003). In addition to their direct bio-
physiological impacts, childhood socioeco-
nomic exposures can shape life course trajec-
tories of health and well- being indirectly by 
affecting cognitive development, educational 
achievement and attainment, earnings, and 
other forms of human capital (Currie and Sta-
bile 2003). Children in low- SES homes miss 
more days of school and experience more hos-
pitalizations (Case, Lubotsky, and Paxson 2002) 
in ways that pattern their health and socioeco-
nomic status across the life span. Evidence fur-
ther suggests that upward social mobility in 
adulthood may not erase the health disadvan-
tages associated with early- life socioeconomic 
hardship, particularly for individuals of color, 
who may experience especially challenging 
pathways toward mobility (Gaydosh et al. 2018) 
characterized by high levels of exposure to dis-
crimination and stigmatization (Assari 2018). 
Assessing the links between household wealth 
and health during childhood can thus shed 
new light on the possible early- life social and 
biological mechanisms underlying adult pat-
terns of health and well- being. Together, the-
ory and research from the life course perspec-
tive reveal that consideration of the early- life 
origins of adult health risk is essential to pre-
venting disease and population disparities be-
fore they emerge and, in many cases, diverge 
with age.
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Research Questions
We use nationally representative, longitudinal 
household-  and child- level data from the PSID 
to study the association between household 
wealth and child BMI. We use a combination 
of multilevel mixed- effects models and the 
parametric g- formula to assess the links be-
tween wealth and child health and to examine 
a host of stress-  and consumption- related 
mechanisms underlying the relationship be-
tween wealth and child BMI and obesity risk. 
Together, these methods allow us to estimate 
the direct and indirect pathways linking wealth 
and child BMI and obesity risk in a longitudi-
nal, counterfactual causal inference frame-
work. We ask three questions:

Does household wealth relate to BMI and 
obesity risk during childhood?

Do various components of wealth—includ-
ing savings, stocks, home equity, and debt—
differentially relate to childhood BMI and 
obesity risk?

What are the mechanisms linking house-
hold wealth to childhood BMI?

Data anD analy tiC MethoDs
As noted, our data come from the Panel Study 
of Income Dynamics, the longest running na-
tionally representative, longitudinal survey of 
individuals and families in the United States. 
The PSID has interviewed respondents and 
their family members continuously since 1968, 
including biennial interviews since 1997. We 
use the main PSID file, the Child Development 
Supplement (CDS), and the Transition to Adult-
hood Supplement (TAS). The CDS is a longitu-
dinal study of children who were twelve years 
old or younger in 1997 and followed over three 
waves (CDS- 1 in 1997, CDS- 2 in 2002–2003, and 
CDS- 3 in 2007–2008). The TAS began in 2005 
and followed children from the original CDS 
cohort into young adulthood. Data on our out-
comes come predominately from the CDS, and 
we use data from the TAS (2009, 2011, 2013) to 
follow the CDS respondents who entered the 
CDS as infants and young children and who 
were followed in the TAS until they are eigh-
teen. We link data on the CDS and TAS children 

to family and household characteristics avail-
able in the main file of the PSID, as well as 
household wealth data from the PSID wealth 
supplement. The data are from six survey waves 
(1994, 1999, 2005, 2007, 2009, and 2011) of the 
main PSID file that include information on 
family and household characteristics. These 
data predate the CDS data to enable lagged 
wealth measures.

The 2007–2009 recession, an exogenous 
shock to household wealth, improves our abil-
ity to make inferences about the relationship 
between wealth and health. Concerns about en-
dogeneity are a major challenge to scholarship 
on the links between wealth and health. To im-
prove our ability to make inferences about the 
relationship between wealth and health, we le-
verage the Great Recession’s exogenous shock 
to household wealth. Our period of observation 
includes the years leading up to (1997–2005), 
during (2007–2009), and after (2011–2013) the 
recession. By CDS III (2007–2008), many house-
holds—particularly black and Hispanic house-
holds (Pfeffer, Danziger, and Schoeni 2013) and 
households headed by younger adults (Boshara, 
Emmons, and Noeth 2015)—experienced sig-
nificant wealth losses as a result of the reces-
sion. During the Great Recession, households 
lost wealth through market mechanisms such 
as the “bursting” housing bubble—rather than 
as a consequence of changes to individual 
health. Documented links between wealth and 
health observed during this period are there-
fore less likely to be subject to concerns about 
reverse causality and endogeneity. We take em-
pirical advantage of this shock to household 
wealth and the ensuing economic downturn to 
better isolate the relationship between wealth 
and child health.

Outcomes: Childhood BMI
Our outcome variable is body mass index (BMI). 
Research across disciplines links childhood 
BMI and health risk in both childhood and 
adulthood. Whereas measures of disability, dis-
ease, or mortality are widely used in studies of 
adults, BMI reflects continuous changes in 
well- being that can be measured in childhood 
and across the life span, making it particularly 
well suited for studying age trajectories of 
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health (Deaton and Paxson 1998; Shaw and 
Krause 2002). In preliminary analyses, we also 
studied several other child health outcomes, 
including a count index of chronic conditions, 
a continuous depressive symptoms score, and 
markers of child self- rated health and caregiver- 
rated health. However, few children had any 
chronic conditions, elevated depressive scores, 
or poor rated health. Without enough variation 
on the dependent variables, we could not assess 
whether or how wealth is associated with these 
outcomes. By contrast, BMI trajectories can be 
observed across childhood, and social gradi-
ents in BMI emerge early in the life span, serv-
ing an important role in shaping long- term 
health across a number of cardiometabolic out-
comes. High BMI puts children at risk of future 
health problems. In this study, we operational-
ize childhood BMI two ways. First, we include 
a continuous measure of BMI (kg/m2). Second, 
we include a measure of age- specific BMI z- 
score, which indicates where respondents fall 
on the BMI distribution at every age during 
childhood. The continuous measure allows us 
to assess how wealth shapes trajectories of 
BMI; age- specific z- scores allow us to better un-
derstand how wealth relates to childhood over-
weight and obesity risk. To measure BMI, PSID 
interviewers measured child height and weight 
during the CDS- TAS interviews. Both BMI mea-
sures are time- varying indicators calculated us-
ing the measured height and weight at each 
wave.

Key Exposures and Mechanisms
The key exposure of interest is total household 
wealth, a continuous measure that reflects 
household net worth (a sum of household as-
sets minus debts). We adjust the wealth mea-
sure for inflation (measured in 2017 dollars) 
and household size. Household wealth is in-
cluded as a time- varying, normalized, lagged 
measure so that child health at time t is mod-
eled as a function of wealth at time t–1. In ad-
dition to assessing the links between total 
household wealth and child health, we also ex-
amine how various components of wealth re-
late to child BMI and obesity risk. To do so, we 
create measures of home equity, stocks and 
bonds, checking and savings, value of other as-

sets, and total debt, all included as continuous, 
inflation- adjusted, lagged measures. We also 
include a measure of home value, which we in-
clude as a percentile of the PSID sample distri-
bution, given the extreme skew of home values 
in the sample. Finally, we include a dummy in-
dicator for whether the family owns a home. 
Supplemental analyses with alternative opera-
tions of all of the wealth variables (inverse hy-
perbolic sine transformed, squared measures, 
spline regression with varying numbers of 
knots to test for nonlinearities, and so on) 
yielded substantively similar results to those 
reported here.

An alternative specification of these models 
might include separate indicators for liquid (for 
example, cash accounts such as checking ac-
counts, other financial assets) and illiquid as-
sets (the family home, business assets, other 
tangible assets). We explored breaking wealth 
into liquid and illiquid assets, but, consistent 
with previous work (Boen, Keister, and Aronson 
2020) our analyses showed that using home 
 equity, stock and bond value, the value of check-
ing and savings accounts, the value of other 
 assets, and total other debts is a better repre-
sentation of the wealth ownership of the house-
holds we study. This is consistent with research 
showing that the primary residence (an illiquid 
asset) is the most significant asset a median 
household owns and that stocks (a liquid asset) 
are becoming more commonly held among me-
dian households, particularly in retirement ac-
counts. Other illiquid assets (such as busi-
nesses) are not commonly held by the median 
household and make little difference in our 
models.

To model the direct stress- related mecha-
nisms, we include two measures of familial 
stress. First, parenting strain is measured using 
the Aggravation in Parenting Scale of the CDS. 
The CDS asked parents or primary caregivers 
of CDS respondents nine questions about their 
level of parenting stress (for example, feeling 
trapped by responsibility, feeling tired from 
raising a family). The final scale is an average 
score of their responses to the nine items. Sec-
ond is family economic strain. The CDS asked 
parents or primary caregivers fifteen yes or no 
questions reflecting different dimensions of 
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economic strain (for example, postponed major 
purchase because of economic problems, fallen 
behind in paying bills). Our final scale is the 
sum of binary responses to the questions. The 
inclusion of the economic strain measure al-
lows us to examine how low wealth may create 
financial stress in parents in ways that shape 
child health. Further, inclusion of the parent-
ing strain allows us to capture how the con-
straints and challenges of low wealth may have 
spillover consequences for other domains of 
family stress. As described, because of struc-
tural constraints, parents in low- wealth house-
holds may need to devote more time and en-
ergy to dealing with the challenges of financial 
insecurity—including securing housing and 
figuring out how to pay bills—in ways that re-
strict the time or resources they are able to de-
vote to other domains. In this way, low wealth 
may be a primary stressor in the lives of low- 
wealth parents, but may also give to a host of 
secondary stressors, including parenting strain 
(Pearlin et al. 1990), in ways that pattern child 
health.

To assess whether wealth shapes child 
health through child behavioral mechanisms, 
we include indicators of child physical activity 
(total minutes of physical activity per week), 
fruit and vegetable consumption (sum of num-
ber of days in the last week respondent ate 
fruits and respondent ate vegetables), and sleep 
(average number of hours per night). All of 
these behaviors are highly associated with child 
BMI and obesity risk and thought to be key 
mechanisms linking familial financial stressors 
and constraints to child health.

Finally, we include four spending- related 
mechanisms, including indicators of educa-
tional spending, which measures all school- 
related educational expenditures; childcare 
spending; health spending, which includes ex-
penditures for hospitals and nursing homes, 
doctors, prescription drugs, and insurance; and 
housing spending, which includes mortgage 
and loan payments, rent, property tax, insur-
ance, utilities, cable television, telephone, in-
ternet charges, home repairs, and home fur-
nishings. Families can use accumulated wealth 
to make human capital investments in chil-
dren, establish a desired standard of living, and 
pass along class status to descendants (Oliver 

and Shapiro 2013). Households with more 
wealth may be able to invest more in their chil-
dren’s education, their childcare, their health 
care, and their housing in ways that shape chil-
dren’s long- term trajectories of health. Each of 
these measures indicated annual household 
spending on the respective categories. Across 
a variety of model specifications, only educa-
tion spending was significantly associated with 
child BMI and obesity risk. For this reason, in 
our final models, we include only education 
spending as a consumption- related mecha-
nism. Supplementary analyses operationaliz-
ing the spending variables as proportions of 
total annual income or wealth produced sub-
stantively similar results.

Other Measures
To assess racial disparities in household 
wealth and child health, we include a measure 
of parent- primary caregiver race (1 = non- 
Hispanic white; 2 = non- Hispanic black; 3 = 
other). Among children in the CDS, levels of 
match between parent- caregiver and child race 
are high; fewer than 4 percent of cases were 
discordant. In the majority of discordant 
cases, parent- caregiver race was white or black, 
and child race was marked as other. Supple-
mentary analyses using child race yielded sub-
stantively similar results. Because of tremen-
dous racial disparities in household wealth— 
corresponding to parent- caregiver race, rather 
than child race—we use parent- caregiver race 
in our final analytic models. To test for differ-
ential associations between wealth and child 
BMI by race, we ran supplementary models 
that included an interaction for race*wealth, 
but the interaction term was not statistically 
significant and thus was excluded from final 
models. Our models include a number of other 
covariates reflecting child sociodemographic 
characteristics, including age (continuous), 
gender (1 = male), and birth order. We also in-
clude a number of household characteristics, 
including parental- caregiver marital status (1 
= married), maternal education (1 = high 
school or less, 2 = some college, 3 = bachelor’s 
degree or higher), annual household income, 
and child health insurance status (1 = insured). 
Supplementary analyses also adjusted for pa-
rental age, which was not associated with the 
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outcomes and excluded from final model esti-
mates.

Analytic Sample
The analytic sample includes respondents from 
the original CDS- 1 followed through age eigh-
teen. We include respondents with at least one 
observation. The mixed- effects models assess-
ing the associations between total wealth, the 
wealth components, and the outcomes use the 
full sample of CDS and TAS respondents (n = 
2,271, 5,411 person- years). To handle missing 
data, we used multiple imputation by chained 
equations procedures with thirty imputations 
and thirty burn- in iterations (van Buuren and 
Groothuis- Oudshoorn 2011).

Analytic Strategy
We first present descriptive analyses for the full 
sample. Although we do not explicitly model 
racial disparities in BMI, we also show black- 
white differences in household wealth to high-
light the particularly stark levels of black- white 
wealth inequality among child households in 
the PSID.

Next, we use longitudinal mixed- effects 
models to estimate the associations between 
total household wealth, the wealth compo-
nents, and childhood BMI and obesity risk as 
children age. In these models, observations at 
level 1 are nested within individuals at level 2 
(Raudenbush and Bryk 2002). The models in-
clude random intercepts and clustered stan-
dard errors at household level. We model BMI 
and BMI z- scores as linear outcomes. These 
models proceed in a stepwise fashion. Model 1 
includes all child sociodemographic character-
istics, family structure, and socioeconomic fac-
tors but does not include any of the wealth mea-
sures. Models 2 through 5 build on model 1 by 
including the wealth measures: model 2 in-
cludes total wealth; model 3 includes continu-
ous measures of home equity, debt, stocks, 
checking and savings, and other assets; model 
4 includes an indicator for homeownership; 
and model 5 includes home value. Together, re-
sults from these models show how the mea-
sures of household wealth relate to child health 
across childhood. Supplemental analyses in-
cluding wealth*age interactions revealed that 
the associations between wealth and BMI were 

consistent with age, so the interactions were 
excluded from the final models.

Finally, we use the parametric g- formula 
(Keil et al. 2014; Naimi, Cole, and Kennedy 2017) 
to estimate how wealth relates to child health 
over time both directly and indirectly through 
our hypothesized mechanisms. This recently 
developed methodology in epidemiological 
causal inference allows us to parameterize the 
contributions of wealth and the stress, behav-
ioral, and spending mechanisms to child BMI 
over time under a less restrictive set of con-
founding assumptions than conventional re-
gression adjustment. In estimating the propor-
tion of the total effect explained by a mediating 
variable, conventional regression conditions 
on measured confounders of the exposure- 
outcome relationship and assumes that no 
mediator- outcome confounders are affected by 
the exposure of interest (such as family wealth). 
However, if a variable both confounds the 
mediator- outcome relationship and acts as a 
mediator between the exposure and the out-
come, it is not possible in a regression setting 
to control for the confounding pathways and 
not simultaneously overcontrol the mediating 
pathways. This issue can become compounded 
over repeated observations of the exposure and 
mediators, often leading to biased estimates of 
the mediating effect of a specific variable 
(Naimi, Cole, and Kennedy 2017). For example, 
in our study, parental strain may influence 
wealth, child BMI, and other mediators of 
wealth- health (for example, economic strain); 
at the same time, wealth may influence child 
BMI through patterning parental strain over 
time. In this study, we use the g- formula ap-
proach to estimate the pathways through which 
household wealth shapes child BMI directly as 
well as how its impacts might accumulate indi-
rectly and manifest through other time- varying 
characteristics across early and middle child-
hood and adolescence. Figure 1 provides a gen-
eralized illustration of this approach. We esti-
mate models at three developmental periods: 
early childhood (ages three through seven), 
middle childhood (ages eight through twelve), 
and adolescence (ages thirteen through seven-
teen). In each set of models, we include time- 
varying characteristics that serve as both con-
founders and mediators in the relationship 
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between wealth and child health. In early child-
hood, we model BMI and the proposed mecha-
nisms as a function of lagged family character-
istics, including wealth. In middle childhood, 
we model BMI and the mediating mechanisms 
as a function of lagged early- childhood charac-
teristics and exposures (including lagged BMI, 
familial stressors, health behaviors, and house-
hold spending). In adolescence, we model the 
outcomes and mechanisms as a function of 
lagged childhood characteristics and expo-
sures. In this way, we use the g- formula to pa-
rameterize the entire “cascade” of exposures 

across the child life span that link household 
wealth to adolescent BMI.

results
Table 1 presents descriptive statistics for the 
full sample. Among households with children, 
the median wealth is $29,923. Still, racial wealth 
inequality among child households is high. Fig-
ure 2 depicts racial differences in household 
wealth between black and white children by 
showing the striking overdispersion of black 
households with near- zero net worth relative to 
white households.

Table 1. Descriptive Statistics 

Mean/Proportion
Standard  
Deviation

Child body mass index (BMI) (kg/m2) 20.85 (6.05)
Child BMI age-specific z-score 0.09 (0.93)
Household wealth (US$; median) 29,922.56 (138,057.51)
House value (US$; median) 102,932.4 (1,042,752.69)
Home equity (US$; median) 13,601.17 (116,149.21)
Total debt (US$; median) 680.06 (24,850.84)
Total stocks (among households who own stocks; US$; median) 16,378.95 (214,002.23)
Checking and savings value (US$; median) 13,146.43 (47,598.8)
Other assets (US$; median) 3,538.44 (214,668.29)
Owns home (1 = yes) 0.69 ()
Owns any stocks (1 = yes) 0.28 ()
Parenting strain (range: 17) 2.26 (0.77)
Economic strain (range: 115) 0.96 (1.66)
Education spending (dollars) 1,894.38 (5,376.24)
Physical activity (minutes per week) 138.68 (88.1)
Fruit and vegetable consumption (number of  

times ate fruit or vegetables in last week)
8.98 (3.46)

Sleep (hours per night) 8.52 (1.71)
Child age (years) 11.51 (4.13)
Child gender (1 = male) 0.52 ()
Child birth order (mean) 1.58 (0.83)
Child race (1 = black) 0.18 ()
Family structure (proportion married parents) 0.75 ()
Maternal education (1 = BA+) 0.25 ()
Child insured (1 = yes) 0.89 ()
Family income (US$; median) 36,032.39 (41,946.75)
Person-years 5,411
Unique children 2,271

Source: Authors’ tabulation.
Note: Household income and all wealth measures are inflation adjusted (2017 dollars); n = 2,271; 5,411 
person-years.
*p < .05; **p < .01; ***p < .001
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Results from longitudinal mixed- effects con-
tinuous BMI models are in table 2. Results from 
models using the age- specific BMI z- score out-
come were substantively similar to those using 
the continuous BMI measure (see table A1). 
Model 1 is a basic model that includes all co-
variates except the wealth measures. Aside 
from child race and age, the other measures of 
household sociodemographic context included 
in model 1—including family structure, mater-
nal education, household income, and insur-
ance status—are not associated with child BMI. 
Model 2 builds on model 1 by including total 
household wealth and reveals that household 
wealth is negatively associated with child BMI 
(–0.35, p < .05), net of other indicators of house-
hold SES including household income and ma-
ternal education. We document a similar asso-
ciation in model 2 of table A1, where total 
wealth is negatively associated with age- specific 
BMI z- score (–0.07, p < .01). Together, results 
from model 2 show that household wealth is 
associated with child BMI and obesity risk, net 
of other important dimensions of household 

socioeconomic status. In model 3, we disaggre-
gate the total wealth measure into continuous 
measures of various wealth components, in-
cluding home equity, stocks, checking and sav-
ings, other assets, and wealth. Results in table 
2 and table A1 indicate that home equity is as-
sociated with child BMI (–0.27, p < .05) and age- 
specific BMI z- score (–0.05, p < .01). We find no 
significant associations between debt, stocks, 
checking and savings, or other assets and the 
outcomes. In model 4, we build on model 1 by 
adjusting for homeownership. We find no as-
sociation between the dichotomous measure 
of homeownership and child BMI or obesity 
risk. Finally, in model 5, we build on model 1 by 
adjusting for home value and find no associa-
tion between home value and child BMI or obe-
sity risk.

Results of the parametric g- formula media-
tion analyses are presented in table 3. In these 
models, we decompose the disparity in average 
adolescent BMI between respondents at –1 
standard deviation (SD) below mean household 
wealth and +1 SD above the mean. We estimate 

Source: Authors’ tabulation based on the PSID.
Note: Household wealth is operationalized as total net worth (assets minus debts), inflation adjusted to 
2017 dollars, adjusted for family size, and truncated between $150,000 and $500,000. 

Figure 2. Black-White Disparities in Household Wealth Among Child Households (PSID, 1997–2013)

−50,000 0 50,000

Household Wealth

D
en

si
ty Black

100,000 150,000 200,000

White



Ta
bl

e 
2.

 H
ou

se
ho

ld
 W

ea
lth

 a
nd

 C
hi

ld
ho

od
 B

M
I (

PS
ID

, 1
99

7–
20

13
)

M
od

el
 1

M
od

el
 2

M
od

el
 3

M
od

el
 4

M
od

el
 5

C
oe

f.
S

E
C

oe
f.

S
E

C
oe

f.
S

E
C

oe
f.

S
E

C
oe

f.
S

E

In
te

rc
ep

t
12

.6
6

(0
.8

1)
**

*
12

.2
5

(0
.8

4)
**

*
12

.2
6

(0
.8

3)
**

*
12

.7
0

(0
.8

2)
**

*
12

.5
4

(0
.8

2)
**

*
C

hi
ld

 g
en

de
r (

1 
= 

m
al

e)
 0

.2
2

(0
.2

5)
 0

.2
3

(0
.2

5)
 0

.2
1

(0
.2

4)
 0

.2
2

(0
.2

5)
 0

.2
2

(0
.2

5)
C

hi
ld

 b
irt

h 
or

de
r

0.
16

(0
.1

3)
0.

15
(0

.1
3)

0.
17

(0
.1

3)
0.

16
(0

.1
3)

0.
15

(0
.1

3)
B

la
ck

 1
.2

0
(0

.3
3)

**
*

 1
.1

2
(0

.3
3)

**
*

 1
.1

7
(0

.3
3)

**
*

 1
.2

4
(0

.3
2)

**
*

 1
.0

9
(0

.3
3)

**
O

th
er

 ra
ce

 0
.4

5
(0

.6
3)

 0
.4

1
(0

.6
4)

 0
.7

9
(0

.6
5)

 0
.4

6
(0

.6
3)

 0
.4

3
(0

.6
2)

C
hi

ld
 a

ge
 0

.7
6

(0
.0

4)
**

*
 0

.7
6

(0
.0

4)
**

*
 0

.7
6

(0
.0

4)
**

*
 0

.7
6

(0
.0

4)
**

*
 0

.7
6

(0
.0

4)
**

*
H

ou
se

ho
ld

er
 a

ge
 0

.0
0

(0
.0

2)
 0

.0
1

(0
.0

2)
 0

.0
1

(0
.0

2)
 0

.0
0

(0
.0

2)
 0

.0
1

(0
.0

2)
Fa

m
ily

 s
tr

uc
tu

re
 (1

 =
 m

ar
rie

d)
0.

07
(0

.3
0)

 0
.0

0
(0

.3
0)

0.
02

(0
.3

0)
0.

14
(0

.3
3)

 0
.0

6
(0

.3
2)

M
at

er
na

l e
du

ca
tio

n 
(1

 =
 B

A
+)

 
0.

68
(0

.3
5)

0.
58

(0
.3

4)
0.

63
(0

.3
4)

0.
69

(0
.3

5)
*

0.
59

(0
.3

5)
C

hi
ld

 in
su

re
d 

(1
 =

 y
es

)
0.

60
(0

.3
7)

0.
55

(0
.3

7)
0.

63
(0

.3
8)

0.
64

(0
.3

7)
0.

51
(0

.3
8)

H
ou

se
ho

ld
 in

co
m

e
0.

05
(0

.2
1)

 0
.1

1
(0

.2
3)

 0
.2

2
(0

.2
3)

0.
06

(0
.2

1)
 0

.0
2

(0
.2

2)
H

ou
se

ho
ld

 w
ea

lth
0.

35
(0

.1
4)

*
H

om
e 

eq
ui

ty
0.

27
(0

.1
1)

*
To

ta
l d

eb
t 

0.
16

(0
.1

1)
To

ta
l s

to
ck

s 
0.

32
(0

.2
0)

To
ta

l c
he

ck
in

g 
an

d 
sa

vi
ng

s
0.

02
(0

.1
1)

O
th

er
 a

ss
et

s 
0.

31
(0

.2
0)

O
w

ns
 h

om
e 

(1
 =

 y
es

)
 0

.2
1

(0
.3

1)
H

ou
se

 v
al

ue
 (p

er
ce

nt
ile

)
0.

01
(0

.0
1)

Pe
rs

on
-y

ea
rs

5,
41

1
5,

41
1

5,
41

1
5,

41
1

5,
41

1
In

di
vi

du
al

s
2,

27
1

2,
27

1
2,

27
1

2,
27

1
2,

27
1

So
ur

ce
: A

ut
ho

rs
’ t

ab
ul

at
io

n 
ba

se
d 

on
 th

e 
PS

ID
.

N
ot

e:
 R

es
ul

ts
 o

f l
on

gi
tu

di
na

l m
ix

ed
 e

ffe
ct

s 
m

od
el

s 
fo

r c
hi

ld
ho

od
 b

od
y 

m
as

s 
in

de
x 

(k
g/

m
2)

. H
ou

se
ho

ld
 in

co
m

e 
an

d 
al

l w
ea

lth
 m

ea
su

re
s 

ar
e 

ad
ju

st
ed

 fo
r i

nfl
at

io
n 

(2
01

7 
do

lla
rs

) a
nd

 h
ou

se
ho

ld
 s

iz
e.

 n
=2

,2
71

; 5
,4

11
 p

er
so

n-
ye

ar
s.

*p
 <

 .0
5;

 *
*p

 <
 .0

1; 
**

*p
 <

 .0
01



9 4  w e a l t h  I n e q u a l I t y  a n d  c h I l d  d e v e l o p m e n t

r s f :  t h e  r u s s e l l  s a g e  f o u n d a t i o n  j o u r n a l  o f  t h e  s o c i a l  s c i e n c e s

the total direct contribution of household 
wealth to the adolescent BMI disparity as well 
as the contributions of our time- varying mech-
anisms (including the stress, behavioral, and 
spending measures) to the BMI disparity. 
Model 1 of table 3 shows results of the continu-
ous BMI models, and model 2 shows results of 
the age- specific BMI z- score models.

Consistent with results from table 2 and ta-
ble A1, results in models 1 and 2 of table 3 show 
that household wealth is strongly associated 
with adolescent BMI, as indicated by the pa-
rameter estimate of the total effect (model 1: 
–1.39, p < .01; model 2: –0.25, p < .01). For both 
outcomes, the majority of the estimated total 
effect of wealth on the adolescent BMI dispar-
ity operates directly (77 percent for continuous 
BMI in model 1 and 79 percent for BMI z- score 
in model 2). Together, these estimates indicate 
that most of the association of household 
wealth exposures across childhood and adoles-
cence on adolescent BMI is not accounted for 
by our stress, spending, and behavioral mecha-
nisms. Results from table 3 indicate that 
roughly 20 percent of the effect of household 
wealth operates indirectly through the hypoth-
esized mechanisms. In particular, familial eco-
nomic strain is a key indirect pathway linking 
household wealth to adolescent BMI (7 and 6 
percent of the total wealth effect in models 1 
and 2, respectively). Household wealth also op-
erates indirectly through education spending, 

with 9 and 7 percent of the total effect of wealth 
on the adolescent BMI and obesity risk ex-
plained by household spending on education- 
related expenses, respectively. Importantly, re-
sults from models 1 and 2 provide little evidence 
that child health behaviors (exercise, diet, or 
sleep) mediate the association between house-
hold wealth and child BMI.

DisCussion
A large and growing body of research links 
wealth and adult health (Boen, Keister, and Ar-
onson 2020; Boen and Yang 2016). Still, despite 
slow rates of wealth accumulation and growing 
wealth inequality among households with chil-
dren (Gibson- Davis and Percheski 2018), little 
is known about whether or how household 
wealth shapes child health. In particular, we 
know little from research about how household 
wealth and child BMI are related. Given that 
BMI is a critical indicator of child health and 
well- being that has implications for health and 
other outcomes across the life course, this gap 
is particularly salient. Merging rich, longitudi-
nal data from the CDS, TAS, and the main file 
of the PSID, this study is among the first to ex-
amine the association between household 
wealth and childhood BMI and to assess the 
direct and indirect pathways linking wealth to 
child BMI and obesity risk.

This study makes three key contributions to 
the literatures on wealth and child BMI. First, 

Table 3. Mediation Results: Parametric G-Formula

Model 1 Model 2

Coef. SE Explained Coef. SE Explained

Total effect 1.39 (0.61) ** 100% 0.25 (0.09) ** 100%
Direct effect 1.08 (0.61) * 77 0.20 (0.09) ** 79
Indirect, parenting strain 0.06 (0.09) 5 0.01 (0.02) 6
Indirect, economic strain 0.09 (0.06) * 7 0.02 (0.01) * 6
Indirect, education spending 0.13 (0.10) + 9 0.02 (0.02) + 7
Indirect, exercise minutes 0.05 (0.08) 4 0.01 (0.01) 3
Indirect, fruit or vegetable days 0.02 (0.08) 1 0.00 (0.02) 1
Indirect, sleep hours 0.01 (0.04) 0 0.00 (0.00) 0

Source: Authors’ tabulation based on the PSID.
Note: Results of parametric g-formula decomposition showing average difference in BMI (model 1: continuous 
BMI; model 2: age standardized BMI z-score) for children ages thirteen through seventeen with family wealth at 
+1 SD versus 1 SD; n = 2,271; 5,411 person-years. 
+p < .10; *p < .05; **p < .01
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our study shows that household wealth is an 
important—yet largely understudied—corre-
late of child BMI, net of other indicators of fam-
ily social and economic context, including ma-
ternal education, household income, child 
health insurance status, and parental marital 
status. Results shown in model 2 of table 2 and 
table A1 demonstrate that household wealth is 
negatively associated with child BMI and obe-
sity risk, such that increases in household 
wealth are associated with lower childhood 
BMIs and BMI z- scores. In table 3, results sim-
ilarly show a strong total cumulative effect of 
household wealth on BMI and obesity risk in 
adolescence. Studies across disciplines provide 
evidence of a socioeconomic gradient in child 
health (Larson and Halfon 2010; Martinson and 
Reichman 2016), but little research to date has 
assessed the role of wealth in child health in-
equality. Findings from this study suggest that, 
net of widely used indicators of household SES 
such as income and parental education, wealth 
provides health protections to children in ways 
that shape trajectories of health across child-
hood and adolescence. Given that childhood 
BMI has been positively associated with prema-
ture morbidity and mortality in adulthood 
(Park et al. 2012; Reilly et al. 2003), our findings 
on the robust links between wealth and child 
BMI indicate that childhood wealth exposures 
may play a critical role in shaping life course 
patterns of population health inequality.

Second, our results show that total house-
hold wealth is an essential correlate of child 
BMI that is largely consistent across the com-
ponents of net worth. That is, the association 
between the various assets and debts that make 
up total net worth are generally associated with 
childhood BMI in consistent ways. One poten-
tial exception is that home equity is negatively 
associated with child BMI. Home equity may 
affect child health directly by shaping familial 
financial security, but it may also relate to 
health indirectly by serving as a proxy for un-
measured indicators of social status such as 
homeownership or school or neighborhood 
quality. Still, results from models 4 and 5 of ta-
ble 2 and table A1 suggest that homeownership 
and home value—which are perhaps better 
proxies of neighborhood context than home eq-
uity—were not associated with child BMI. Still, 

results also showed that none of the other 
wealth measures—including debt, stocks, 
checking and savings, and other assets—is as-
sociated with child BMI. Although research on 
adults shows that the components of wealth 
relate to health in different ways (Boen, Keister, 
and Aronson 2020), they do not for childhood 
BMI. It is possible that though children are 
largely unaware of any particular dimension of 
their household finances, the overall status of 
their family’s financial stability and well- 
being—as captured by measures of total net 
worth—holds great bearing on their day- to- day 
lives in ways that matter for health. Altogether, 
findings from this study point to the important 
but largely understudied role of household 
wealth in shaping the emergence and diver-
gence of child health disparities.

Third, findings from this study offer new ev-
idence of the mechanisms linking household 
wealth to childhood BMI. Assessing and param-
eterizing the links between household wealth 
and child health presents tremendous empiri-
cal challenges in part because of the difficulties 
related to properly accounting for the complex 
interplay between time- varying confounding 
and mediation. As shown in figure 1, we use the 
recently developed g- formula simulation to 
model the pathways through which household 
wealth affects child BMI directly as well as how 
its impacts might accumulate and manifest vis- 
à- vis other time- varying characteristics across 
childhood. Results from table 3 show that 
household wealth contributes to child BMI and 
obesity risk both directly and indirectly in sev-
eral ways. In particular, results from the para-
metric g- formula analyses show that household 
wealth relates to child BMI over time by shap-
ing parental economic strain and patterning 
household spending on education. We hypoth-
esized that family stress would be an important 
indirect mechanism linking household wealth 
to child health. Research indicates that parents 
and caregivers under high levels of economic 
stress need to expend tremendous time and en-
ergy to managing the many social, emotional, 
and financial challenges associated with having 
few financial resources. In addition to shaping 
parental behavior, high levels of familial eco-
nomic strain may also affect child BMI directly 
by chronically up- regulating physiological 
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stress response systems in ways that promote 
weight gain and the redistribution of bodily fat 
stores (Scott, Melhorn, and Sakai 2012). Our re-
sults show that parental economic stress ac-
counted for 7 percent and 6 percent of the as-
sociation between household wealth and BMI 
and BMI z- score, respectively.

We also find that household wealth shaped 
BMI in childhood and adolescence by affecting 
household spending on education. Preliminary 
analyses also included other household con-
sumption mechanisms, including spending on 
housing, childcare, and health spending, but 
none was significantly related to child BMI. 
Households with more wealth have more capi-
tal to invest in their children’s education in 
ways that could shape child BMI through a va-
riety of human capital (for example, increased 
knowledge, self- efficacy) and environmental 
exposure (healthier food options, opportuni-
ties for physical activity) pathways that we are 
unable to examine here but offer opportunities 
for future research.

Perhaps surprisingly, results in table 3 show 
that none of the hypothesized child behavioral 
mechanisms links household wealth to child 
health. Although health behaviors such as diet 
and physical activity garner much attention in 
policy and intervention discussions related to 
the childhood obesity epidemic, our results 
show that these behavioral factors do not help 
explain the wealth gradient in child BMI. In-
stead, results show that most of the association 
between household wealth and child BMI was 
unaccounted for by our mechanisms, including 
the indicators of stress, spending, and child 
health behaviors. These findings suggest that 
future research should continue to theorize 
and empirically test how household wealth 
shapes family life in ways that matter for child 
health and well- being, including how other 

meso- level environmental factors and indica-
tors—such as school quality and neighborhood 
context—might undergird the links between 
wealth and child health. Future research should 
also consider the factors that can buffer against 
the health- harming effects of low wealth among 
children.

Taken together, this study provides new 
knowledge of the role of wealth inequality in 
producing population health disparities begin-
ning early in the life course. Our findings add 
to the large and growing body of research show-
ing strong, prospective associations between 
wealth and health that extend to the early life 
period. The results demonstrate that the wealth 
gradient in health emerges early in the life 
course, long before individuals begin to accu-
mulate their own assets and debts. Levels of 
wealth inequality are particularly stark among 
child households in the United States (Gibson- 
Davis and Hill 2021, this issue; Gibson- Davis 
and Percheski 2018), and the findings presented 
here show that this inequality greatly affects the 
development and divergence of health dispari-
ties among America’s children. Future research 
should build on the findings presented here to 
consider how long- term trajectories of house-
hold wealth shape child health. Given stark ra-
cial differences in household wealth, our find-
ings also suggest that wealth inequality likely 
also plays an essential role in the early- life 
emergence and intergenerational and historical 
persistence of racial health inequities. Findings 
from this project support the call for policy and 
intervention efforts to focus on building wealth 
among households with children as a way to 
promote child health equity. Efforts aimed at 
building and redistributing wealth are not 
solely economic in nature; wealth policies are 
health policies with important consequences 
for the health and well- being of children.
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